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Existing	 literature	on	 entrepreneurial	 ecosystems	mostly	 ignores	 empirical	 research	on	
the	causal	relationship	between	entrepreneurial	ecosystems	and	their	outputs.	Therefore,	
this	 study	 examined	 the	 causal	 relationship	 of	 the	 entrepreneurial	 ecosystem	 on	
opportunity	recognition,	exploitation,	and	venture	growth	as	its	ecosystem	outputs.	This	
is	quantitative	research	with	the	survey	method.	The	study	population	is	startup	actors	in	
Indonesia,	 consisting	 of	 owners,	 chief	 executive	 officers,	 and	managers.	 The	 accidental	
sampling	method	with	 rigid	 screening	 questions	 was	 applied	 and	 questionnaires	 were	
distributed	 online	 through	 social	 media	 and	 messaging	 apps.	 The	 questionnaire	 was	
prepared	 using	 the	 Multi-dimensional	 Entrepreneurial	 Ecosystem	 Scale	 (MEES)	 to	
determine	 the	 ecosystem	 construct.	 Data	 were	 analyzed	 using	 the	 Structural	 Equation	












Entrepreneurship	 is	 considered	 an	 effective	 way	 to	 increase	 economic	 growth	
(Bosma	et	al.,	2018;	Content	et	al.,	2020;	Galindo	&	Méndez-Picazo,	2013;	Urbano	et	al.,	
2019).	This	 led	 to	 the	 increase	 in	studies	 in	 this	area	 to	carry	out	 further	 investigation.	




studies	 are	 usually	 focused	 on	 the	 individuals	 by	 examining	 their	 characters	 such	 as	
willingness	to	bear	uncertainty,	tolerance	for	ambiguity,	need	for	achievement,	and	other	
















(2019)	 identified	 seven	 antecedents	 of	 the	 EE	 concept,	 such	 as	 industrial	 Districts,	
Regional	 Industrial	 Clusters,	 City/Regional/National	 Innovation	 systems,	 Business	
Ecosystems,	 Entrepreneurial	 Infrastructure,	 Entrepreneurial	 Environment,	 and	
Entrepreneurial	System.	
Spilling	 (1996)	 defined	 EE's	 antecedent	 concept	 as	 "a	 system	 consisting	 of	
complex	and	diverse	actors,	 roles,	and	environmental	 factors	 that	 interact	 to	determine	
the	entrepreneurial	performance	of	a	region	or	locality."	This	definition	is	similar	to	the	











To	 the	 arguments	 on	 EE's	 definition,	 the	 attributes,	 components,	 and	 elements	
that	makeup	and	 interact	 in	an	EE	have	also	been	discussed	 in	 several	 studies.	Malecki	
(2018)	 identified	 some	 of	 the	 most	 influential	 authors	 on	 this	 theme,	 which	 include	








institutions,	 culture,	 physical	 infrastructure,	 demand,	 networks,	 leadership,	 talent,	
finance,	knowledge,	and	intermediate	services.	
Furthermore,	 some	 criticisms	 of	 these	 studies	 mainly	 focus	 on	 EE	 elements	
without	 paying	 sufficient	 attention	 to	 the	 relationships	 and	 the	 inherent	 dynamics	 and	
evolution	 (Cavallo	 et	 al.,	 2019).	 The	 approach	 adopted	 ignores	 the	 causal	 relationship	
between	EE	elements	and	entrepreneurial	activities	or	processes	regarded	as	the	outputs	
(Nicotra	 et	 al.,	 2018).	 According	 to	 previous	 preliminary	 studies,	 no	 in-depth	 and	
empirical	 research	 has	 been	 carried	 out	 to	 examine	 the	 relationship	 between	 EE	
dimensions	and	its	output	(Alvedalen	&	Boschma,	2017;	Nicotra	et	al.,	2018;	Stam,	2015).	
Furthermore,	 the	 emergence	 and	 growth	 of	 a	 business	 are	 due	 to	 the	 entrepreneurs'	
ability	to	support	the	ecosystem	(Audretsch	&	Belitski,	2017).	
Spigel	 (2017)	 stated	 that	 although	 EE	 affects	 entrepreneurial	 processes,	 the	
undertheorized	 concept	makes	 it	 difficult	 to	 understand	 the	 practical	 effects	 and	 their	
outcomes.	 Spigel	 further	 examined	 the	 relational	 organization	 of	 entrepreneurial	
ecosystems	 with	 a	 qualitative	 approach	 using	Waterloo,	 Ontario,	 and	 Calgary,	 Alberta,	




Attributes,	 such	 as	 Policies,	 University,	 Infrastructure,	 Open	 Markets,	 and	 Support	
Services.	 On	 the	 contrary,	 Material	 Attributes	 reinforce	 the	 Social	 Attributes,	 which	
strengthens	the	Cultural	Attributes	(Spigel,	2017).	This	study	has	certain	limitations	due	
to	 applying	 a	 qualitative	 approach	 that	 lacks	 generalizability,	 making	 it	 unable	 to	







Nicotra	 et	 al.	 (2018)	 also	 proposed	 entrepreneurial	 ecosystem	 cause-effect	
relations	 by	 stating	 that	 Eco-Factors	 (EE	 Factors)	 tend	 to	 generate	 Eco-Inputs,	 such	 as	
Financial,	 Knowledge,	 Institutional,	 and	 Social	 Capitals.	 Moreover,	 these	 Eco-Inputs	
produce	 Eco-Outputs	 in	 the	 form	 of	 Productive	 Entrepreneurship.	 The	 three	 initial	
elements	 further	 deliver	 Eco-Outcomes	 (Job	 Creation,	 New	 Ideas/Technologies	
Commercialization,	 and	 Efficiency)	 and	 Eco-Impact's	 final	 goal,	 namely	 Eco-Impact	
(Value-Added	and	Growth).	
A	 recent	 study	 carried	out	by	Content	 et	 al.	 (2020)	 examined	EE's	 effects	on	 its	
output.	Conversely,	 secondary	data	acquired	 from	 the	Global	Entrepreneurship	Monitor	
(GEM)	was	used	to	analyze	EE's	impact	on	entrepreneurial	activity	and	economic	growth	
in	 the	European	region.	The	study	confirmed	 that	 it	affects	 its	variables.	This	 study	has	
certain	limitations,	such	as	using	specific	data	from	the	European	area,	making	it	difficult	
to	 obtain	 similar	 information	 from	 other	 countries	 and	 confirm	 the	 results	 of	 other	




Therefore,	 this	 study	 examines	 the	 relationship	 between	 the	 EE	 and	 the	
entrepreneurial	 process,	 which	 serves	 as	 its	 outputs.	 This	 empirical	 research	 was	
suggested	by	many	authors,	such	as	Alvedalen	&	Boschma	(2017),	Nicotra	et	al.	 (2018),	
Spigel	 (2017),	 and	 Stam	 (2015).	 They	 also	 suggested	 the	 similarities	 between	
entrepreneurial	activities	and	processes	as	EE	outputs.	According	 to	Ahmad	&	Seymour	
(2008),	 entrepreneurial	 activity	 is	 "the	 human	 action	 in	 pursuit	 of	 value,	 through	 the	
creation	or	expansion	of	economic	activities,	by	identifying	and	exploiting	new	products,	
processes	or	markets."	Bygrave	(2011)	defined	entrepreneurial	process	as	the	processes	
that	 involve	 "all	 the	 functions,	 activities,	 and	 actions	 associated	 with	 detecting	
opportunities	and	creating	organizations	to	pursue	them."	
Several	 models	 of	 the	 entrepreneurial	 process	 have	 been	 proposed	 by	 many	
authors	 (Moroz	 &	 Hindle,	 2012).	 Consequently,	Moroz	 and	 Hindle	 collected	 32	models	
with	 various	 stages	 or	 events	 along	 the	 process.	 Also,	 20	 out	 of	 the	 32	 models	 were	
conceptual	 constructs,	 while	 the	 remaining	 12	were	 based	 on	 empirical	 evidence.	 This	






gap	 that	 lacks	 empirical	 evidence	 on	 EE's	 causal	 relationship	 and	 its	 outputs,	 such	 as	
entrepreneurial	activity	or	process,	particularly	opportunity	recognition,	exploitation,	and	
venture	 growth.	 Secondly,	 the	 study	 applied	 a	 quantitative	 approach	 with	 multi-













on	 opportunity	 recognition,	 exploitation,	 and	 venture	 growth.	 The	 population	 includes	
Indonesian	 startup	 actors,	 which	 consist	 of	 owners,	 chief	 executive	 officers,	 and	
managers.	Subsequently,	due	to	the	absence	of	data	on	the	population,	a	nonprobability	or	
accidental	sampling	technique	with	rigid	screening	questions	was	applied.		
Data	 were	 collected	 using	 online	 questionnaires	 prepared	 in	 a	 Google	 Form	
format	 and	 distributed	 through	 social	 media	 and	 messaging	 apps.	 The	 independent	
variable	 is	 an	 entrepreneurial	 ecosystem	 (EE),	 while	 the	 dependent	 are	 Opportunity	
Recognition,	 Exploitation,	 and	 Venture	 Growth.	 According	 to	 Spigel	 (2017),	 EE	 is	 a	




supports	 innovative	 startups'	 development	 and	 growth	 and	 encourages	 budding	
entrepreneurs	 and	other	 actors	 to	 take	 the	 risks	of	 starting	 funding	and	assisting	high-
risk	 ventures.	 The	 entrepreneurial	 ecosystem	 is	 measured	 with	 the	 Multi-dimensional	
Entrepreneurial	Ecosystem	Scale	(MEES),	a	perceptual	instrument	introduced	by	Liguori	
et	 al.	 (2019).	 The	MEES	measures	 six	 EE	 domains	 categorized	 by	 Isenberg	&	Onyemah	
(2016),	 namely	 Policy,	 Finance,	 Culture,	 Supports,	 Human	 Capital,	 and	 Markets.	
Opportunity	 recognition	 is	 defined	 as	 being	 aware	 of	 potential	 business	 opportunities,	
actively	seeking	them,	and	gathering	new	information	and	ideas	related	to	the	products	or	
services	 (Kuckertz	 et	 al.,	 2017).	 The	 instrument	 used	 for	 measuring	 opportunity	
recognition	refers	to	Kuckertz	et	al.'s	(2017)	research.	
Meanwhile,	 opportunity	 exploitation	 involves	 developing	 products	 or	 services	
based	on	the	perception	of	business	opportunities,	collecting	and	using	existing	financial	
and	 human	 resources,	 and	 building	 organizations	 (Kuckertz	 et	 al.,	 2017).	 The	 venture	




by	 a	 data	 normality	 test	 using	 the	 AMOS	 application.	 The	 convergent	 and	 discriminant	
validity	 tests	 were	 carried	 out	 for	 the	 overall	 measurement	 model,	 which	 comprises	
variables	 and	 indicators.	 Finally,	 the	 general	 structural	 model	 validity	 test	 was	 also	
performed	before	the	hypotheses	testing.	
Data	 were	 collected	 from	 272	 respondents,	 comprising	 owners,	 CEOs,	 and	
managers	of	startups	in	Indonesia.	Out	of	the	272	respondents,	79%	are	dominant	owners	






Data	 analysis	 was	 performed	 using	 the	 Structural	 Equation	 Modeling	 (SEM)	
techniques	 in	 the	 AMOS	 application.	 Table	 1	 showed	 the	 normality	 test,	 the	 data	 are	
typically	distributed	where	the	values	of	all	Skewness	and	Kurtosis	were	less	than	2	(from	
-1.877	to	-0.875)	and	7	(from	-0.288	to	3.351).		
The	 comprehensive	 measurement	 model	 fit	 test	 was	 carried	 out	 to	 determine	
whether	the	data	fits,	as	shown	in	Tables	2,	3,	4,	and	5.	All	indicators	show	that	the	model	
meets	 the	 requirements	 for	 further	 analysis,	 namely	CMIN/DF:	1.878,	GFI:	 0.837,	AGFI:	
0.800,	IFI:	0.945,	TLI:	0.935,	CFI:	0.944,	and	RMSEA:	0.057.	The	rules	of	thumb	required	
for	 those	 indicators	 are	 CMIN/DF	 <	 5,	 GFI	 and	 AGFI	 >	 0.9,	 IFI,	 TLI,	 and	 CFI	 >	 0.9,	 and	
RMSEA	<	0.08.	The	fit	is	achieved	when	5	out	of	7	indicators	are	fulfilled.	
The	 convergent	 validity	 test	 was	 also	 carried	 out	 to	 determine	 whether	 the	
indicators	 were	 valid	 when	 measuring	 their	 variables.	 Most	 of	 the	 indicators'	 loading	
factors	on	 the	 latent	variables	are	more	 significant	 than	0.7,	with	only	a	 few	above	0.5.	







Variable	 Min	 Max	 Skew	 C.R.	 Kurtosis	 C.R.	
Gro3	 1.000	 5.000	 -1.131	 -7.614	 0.839	 2.824	
Gro2	 1.000	 5.000	 -1.094	 -7.366	 0.598	 2.014	
Gro1	 1.000	 5.000	 -1.180	 -7.943	 0.789	 2.655	
Ope4	 1.000	 5.000	 -0.928	 -6.247	 -0.288	 -0.971	
Ope3	 1.000	 5.000	 -1.322	 -8.900	 1.303	 4.387	
Ope2	 1.000	 5.000	 -1.087	 -7.316	 0.743	 2.502	
Ope1	 1.000	 5.000	 -1.223	 -8.237	 0.941	 3.166	
Opr5	 2.000	 5.000	 -1.594	 -10.731	 2.254	 7.589	
Opr4	 2.000	 5.000	 -1.725	 -11.613	 2.611	 8.789	
Opr3	 2.000	 5.000	 -1.853	 -12.479	 3.032	 10.209	
Opr2	 2.000	 5.000	 -1.877	 -12.641	 3.351	 11.281	
Opr1	 2.000	 5.000	 -1.717	 -11.560	 2.788	 9.385	
Pol3	 1.000	 5.000	 -0.875	 -5.894	 -0.037	 -0.124	
Pol2	 1.000	 5.000	 -0.986	 -6.640	 0.184	 0.619	
Pol1	 1.000	 5.000	 -1.049	 -7.061	 0.487	 1.640	
Mkt3	 1.000	 5.000	 -0.942	 -6.343	 0.064	 0.216	
Mkt2	 1.000	 5.000	 -1.190	 -8.015	 1.096	 3.689	
Mkt1	 1.000	 5.000	 -1.081	 -7.277	 0.621	 2.090	
Hum3	 1.000	 5.000	 -1.197	 -8.056	 0.652	 2.197	
Hum2	 1.000	 5.000	 -1.331	 -8.960	 1.508	 5.076	
Hum1	 1.000	 5.000	 -1.245	 -8.385	 1.035	 3.485	
Cul3	 1.000	 5.000	 -1.198	 -8.064	 0.927	 3.119	
Cul2	 1.000	 5.000	 -1.127	 -7.589	 0.858	 2.888	
Cul1	 1.000	 5.000	 -1.259	 -8.480	 1.347	 4.536	
Sup5	 1.000	 5.000	 -1.133	 -7.629	 0.670	 2.257	
Sup4	 1.000	 5.000	 -1.192	 -8.025	 0.993	 3.344	
Sup3	 1.000	 5.000	 -1.021	 -6.873	 0.251	 0.845	
Sup2	 1.000	 5.000	 -1.221	 -8.219	 1.222	 4.115	
Sup1	 2.000	 5.000	 -1.306	 -8.790	 0.904	 3.043	
Fin5	 1.000	 5.000	 -1.195	 -8.043	 1.057	 3.557	
Fin4	 1.000	 5.000	 -1.054	 -7.096	 0.353	 1.189	
Fin3	 1.000	 5.000	 -1.020	 -6.867	 0.198	 0.668	
Fin2	 1.000	 5.000	 -1.069	 -7.200	 0.402	 1.353	





Model	 NPAR	 CMIN	 DF	 P	 CMIN/DF	
Default	model	 109	 		912.843	 486	 0.000	 		1.878	
Saturated	model	 595	 							0.000	 0	 	 	







Model	 RMR	 GFI	 AGFI	 PGFI	
Default	model	 0.037	 0.837	 0.800	 0.683	
Saturated	model	 0.000	 1.000	 	 	











Default	model	 0.888	 0.871	 0.945	 0.935	 0.944	
Saturated	model	 1.000	 	 1.000	 	 1.000	




Model	 RMSEA	 LO	90	 HI	90	 PCLOSE	
Default	model	 0.057	 0.051	 0.063	 0.023	




	 	 	 Estimate	
Fin1	 <---	 Finance	 0.633	
Fin2	 <---	 Finance	 0.658	
Fin3	 <---	 Finance	 0.775	
Fin4	 <---	 Finance	 0.836	
Fin5	 <---	 Finance	 0.851	
Sup1	 <---	 Supports	 0.678	
Sup2	 <---	 Supports	 0.714	
Sup3	 <---	 Supports	 0.742	
Sup4	 <---	 Supports	 0.820	
Sup5	 <---	 Supports	 0.837	
Cul1	 <---	 Culture	 0.840	
Cul2	 <---	 Culture	 0.831	
Cul3	 <---	 Culture	 0.886	
Hum1	 <---	 human	capital	 0.871	
Hum2	 <---	 human	capital	 0.837	
Hum3	 <---	 human	capital	 0.649	
Mkt1	 <---	 Market	 0.789	
Mkt2	 <---	 Market	 0.864	









	 	 	 Estimate	
Opr2	 <---	 OpporRec	 0.857	
Opr3	 <---	 OpporRec	 0.801	
Opr4	 <---	 OpporRec	 0.891	
Opr5	 <---	 OpporRec	 0.880	
Ope1	 <---	 OpporExplo	 0.712	
Ope2	 <---	 OpporExplo	 0.887	
Ope3	 <---	 OpporExplo	 0.832	
Ope4	 <---	 OpporExplo	 0.828	
Gro1	 <---	 VentGrowth	 0.928	
Gro2	 <---	 VentGrowth	 0.936	




indicators	 effectively	 measured	 their	 respective	 variables	 instead	 of	 others.	 The	 AVE	














Finance	 0.59	 	 	 	 	 	 	 	 	
Support	 0.83	 0.61	 	 	 	 	 	 	 	
Culture	 0.76	 0.88	 0.73	 	 	 	 	 	 	
Human	
Capital	 0.66	 0.79	 0.77	 0.62	 	 	 	 	 	
Market	 0.69	 0.77	 0.80	 0.79	 0.65	 	 	 	 	
Policy	 0.79	 0.83	 0.82	 0.74	 0.79	 0.76	 	 	 	
Oppor	
Rec	 0.39	 0.54	 0.53	 0.50	 0.56	 0.41	 0.71	 	 	
Ppor	
Explo	 0.59	 0.60	 0.61	 0.59	 0.68	 0.64	 0.54	 0.67	 	
Venture	
Growth	 0.50	 0.47	 0.48	 0.46	 0.44	 0.52	 0.35	 0.45	 0.88	
Source:	Data	processed		
Pol1	 <---	 Policy	 0.897	
Pol2	 <---	 Policy	 0.913	
Pol3	 <---	 Policy	 0.893	




Furthermore,	the	Structural	model	 fit	 test	was	also	performed.	All	 the	indicators	
also	show	that	it	meets	the	requirements	for	further	testing.	The	values	for	the	indicators	







Model	 NPAR	 CMIN	 DF	 P	 CMIN/DF	
Default	model	 77	 1049.193	 518	 0.000	 		2.025	
Saturated	model	 595	 							0.000	 0	 	 	





Model	 RMR	 GFI	 AGFI	 PGFI	
Default	model	 0.068	 0.816	 0.789	 0.710	
Saturated	model	 0.000	 1.000	 	 	












Default	model	 0.872	 0.861	 0.931	 0.924	 0.930	
Saturated	model	 1.000	 	 1.000	 	 1.000	





Model	 RMSEA	 LO	90	 HI	90	 PCLOSE	
Default	model	 0.062	 0.056	 0.067	 0.000	













	 	 	 Estimate	 S.E.	 C.R.	 P	 Label	
H1:	Entrepreneurial	ecosystem	has	a	positive	effect	
on	opportunity	recognition.	 0.458	 0.051	 9.022	 ***	 par_31	
H2:	Entrepreneurial	ecosystem	has	a	positive	effect	
on	opportunity	exploitation.	 0.791	 0.076	 10.385	 ***	 par_32	
H3:	Entrepreneurial	ecosystem	has	a	positive	effect	
on	venture	growth.	 0.872	 0.092	 9.448	 ***	 par_33	
Source:	Data	processed		
The	regression	coefficient	values	of	the	EE	and	Opportunity	Recognition	are	0.57.	
This	 shows	 that	 an	 increase	 of	 1%	 in	 the	EE	 increases	 the	Opportunity	Recognition	 by	
0.57%	 and	 vice	 versa.	 Meanwhile,	 the	 regression	 coefficient	 of	 EE	 and	 Opportunity	
Exploitation	is	0.70.	This	shows	that	each	increase	of	1%	in	EE	increases	the	Opportunity	
Exploitation	by	0.7%.	Finally,	every	rise	in	EE	tends	to	increase	Venture	Growth	by	0.54%.	

















	 	 	 Estimate	
VentGrowth	 	 	 0.294	
OpporExplo	 	 	 0.493	












(Financial,	 Knowledge,	 Institutional,	 and	 Social	 Capitals).	 Therefore,	 these	 Eco-Inputs	
produce	 Eco-Outputs	 in	 the	 form	 of	 Productive	 Entrepreneurship.	 Opportunity	
Recognition,	 Exploitation,	 and	 Venture	 Growth	 are	 parts	 of	 the	 processes	 involved	 in	
'forming	 Productive	 Entrepreneurship.'	 These	 three	 elements	 further	 produce	 Eco-
Outcomes	 (Job	Creation,	New	 Ideas	or	Technologies	Commercialization,	 and	Efficiency),	
and	the	final	goal	of	EE,	which	is	Eco-Impact	(Value-Added	and	Growth),	is	achieved	in	the	
end.	Besides,	these	results	are	also	consistent	with	the	EE	framework	proposed	by	Stam	





used	 to	 measure	 Entrepreneurial	 Activity	 are	 the	 Total	 Early-Stage	 Entrepreneurial	
Activity	 (TEA),	 Opportunity-Driven	 Entrepreneurial	 Activity	 (OPP),	 and	 Job	 Growth	
Expecting	 Entrepreneurial	 Activity.	 It	 was	 discovered	 that	 EE	 had	 a	 positive	 effect	 on	
Entrepreneurial	 Activity	 and	 Economic	 Growth.	 Therefore,	 this	 study's	 three	 accepted	





by	0.57%.	Stam	(2015)stated	 that	 "...entrepreneurial	activity	 is	 considered	a	process	by	
which	 individuals	 create	 opportunities	 for	 innovation".	 Therefore,	 EE	 enables	 aspiring	
entrepreneurs	to	find	business	opportunities	and	exploit	them	to	create	innovations	that	
ultimately	benefit	society.		
This	 is	 explained	 by	 the	 existence	 of	 knowledge	 spillover	 in	 EE,	 where	 the	
investment	made	in	universities,	government	agencies,	and	the	private	sector	ultimately	
aids	 in	creating	business	opportunities	 for	entrepreneurs	 	 (Spigel,	2017).	Based	on	EE's	
case	 in	 Calgary	 City,	 Canada,	 Spigel	 (2017)	 discovered	 that	 it	 is	 market-driven.	 The	
transformation	is	triggered	by	the	existence	of	the	extraction	of	Alberta's	natural	gas	and	
petroleum.	This	 is	perceived	as	 a	potential	 business	opportunity	 for	 entrepreneurs	 and	
generates	various	startups	in	the	energy	industry.	Business	opportunities	also	arise	from	
Social	 Attributes	 in	 EE,	 where	 social	 networks	 act	 as	 channels	 for	 the	 spread	 of	 new	
opportunities	exploited	by	entrepreneurs.	
Secondly,	 the	 statistical	 results	 show	 that	 EE	 has	 a	 significant	 effect	 on	
entrepreneurial	exploitation.	This	is	indicated	by	the	fact	that	the	regression	coefficient	of	
EE	 and	 Opportunity	 Exploitation	 is	 0.70.	 This	 shows	 that	 an	 increase	 of	 1%	 in	 EE	
increases	Opportunity	Exploitation	by	0.7%.	This	is	also	consistent	with	the	frameworks	









and	 the	 social	 environment.	 This	 led	 to	 the	 proposition	 that	 social	 capital	 such	 as	




co-working	 space,	 accountants,	 and	 marketing	 agencies	 tend	 to	 support	 early-stage	
startups	to	exploit	existing	business	opportunities	(Kenney	&	Patton,	2005).	
Thirdly,	 previous	 studies	 indicate	 that	 EE	 has	 a	 significant	 effect	 on	 venture	
growth.	 Furthermore,	 an	 increase	 of	 1%	 in	EE	 increases	 the	 venture	 growth	by	0.54%.	
This	is	because	the	regression	coefficient	of	EE	and	venture	growth	is	0.542.	This	finding	
is	partly	explained	because	of	the	availability	of	angel	investors	and	venture	capital	in	EE.	
However,	 they	play	an	 important	role	at	 the	startup	growth	stage,	where	uncertainty	 is	
dominant.	Besides,	the	existence	of	social	networks	between	entrepreneurs,	mentors,	and	
dealmakers	 in	 EE	 is	 also	 helpful	 in	 developing	 growth	 (Bosma	 et	 al.,	 2012;	 Feldman	&	




that	proactively	build	new	connections	between	entrepreneurs,	 thereby	 improving	 firm	
formation	 and	 growth	 within	 regions."	 They	 also	 help	 entrepreneurs	 to	 expand	 their	
network,	including	introducing	them	to	venture	capitals.	
Another	 element	 that	 helps	 entrepreneurs	 grow	 is	 the	 professional	 and	







that	 the	Entrepreneurial	Ecosystem	positively	 affects	opportunity	 recognition,	 received.	
This	 indicator	 also	 has	 a	 significant	 effect	 on	 opportunity	 exploitation	 and	 venture	




This	 implies	 that	 the	 causal	 relationship	 between	 EE	 and	 its	 outputs	











to	 carry	 out	 future	 research	 in	 different	 places.	 Secondly,	 it	 does	 not	 have	 much	 of	 a	
portion	 explaining	 the	 following	 variables	 as	 an	 independent	 variable,	 namely	
opportunity	 recognition,	 exploitation,	 and	 venture	 growth.	 There	 is	 a	 need	 to	 include	
other	variables	in	future	studies	to	predict	these	three	variables'	changes.	
Furthermore,	 besides	 focusing	 on	 relationality	 between	 the	 concept	 elements,	
scholars	 also	need	 to	 focus	 on	 other	EE	 research	 critiques.	One	 crucial	 issue	 is	 that	 EE	
leads	to	a	neo-liberal	project	where	EE	is	referred	to	as	 'Start-up	Urabinsm'	(Rossi	&	Di	
Bella,	2017).	This	involves	the	emergency	of	a	self-governing	'enterprise	society,'	and	the	




inclusion	 and	 exclusion	 of	 EE.	 The	 entrepreneurial	 ecosystem	 has	 been	 considered	 to	
focus	on	technology	firms.	However,	high-growth	entrepreneurship	does	not	always	have	
to	 be	 technological	 companies	 (Brown	 et	 al.,	 2017).	 This	 also	 ignores	 high-growth	
entrepreneurship	 potentials	 based	 on	 non-technology	 companies	 (Spigel	 et	 al.,	 2020).	
Besides,	 EE	 also	 focuses	 on	 big	 cities	 and	 tends	 to	 ignore	 the	 ecosystems	 of	 smaller	
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